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Tagjet1pt signal training
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Tagjet2pt signal training
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VBFDeleaEta signal training

220
200
180
160
140
120
100
80
60
40
20
0

E_H ey Iplutldlatlalis gmnal)

= Estimated PDF (norm. signal)
7

:I

''''''''

4

paloeabovabvnn b b b bonabonslvra bl 1

VBFDeleaEta background training

140

120

100

80

60

40

20

o Inplt data (batkgr)

Estimated PDF (norm. backgr.)

.........

4 5 B




VBFDeltaPhi signal training VBFDeltaPhi background training
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VBFTagJetMass signal training
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VBF_wijet1_QGd signal training
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VBF_wjet2_QGd signal training VBF_wjet2_QGd background training

35n:llIlll::lrlllIllllnlplljltldlalalI{;IIA;{!T”IlIIIIIIIIIlIIIIlIII-[l: 1ﬁn}lllll::l:llllllllnll:ll III:|IE-{EII"IJIHII:.LIEIr:]IIIIII|IIII|IIII|IIII__
Estimated PDF (norm. signal) 160 F Estimated PDF (norm. backgr.) -
300 1 : -
E & 140 -
250} 5 120} ;
200} H 100 -
150 . sof- ]
100 .
50 -
IIII|III |IIII| 11 I:
1 1

1 1
0 01 02 03



TMVA response for classifier: Likelihood
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Background rejection

Background rejection versus Signal efficiency
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Correlation Matrix (background)

Linear correlation coefficients in %
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0! Input data (signal)

180

Estimated PDF (norm. signal)

160

120

100

80

60

20

prr v bvrr b vr by v o bvra by s loanal A

IIIIIIIIIIIIIIIII
0 0.5 1 1.5

YWEF_hwhi_Iv]]_ZeppenFleld background trakning

160

140

120}

100

a0

60

40

20

rFrrrryprrrrprrrrprrrry|prinri
o Input data 1ha|l:hgr.] !

Estimated PDF (norm. backg

r.)

i F .

0.5 1 1.5 2




Tagjet1pt signal training Tagjet1pt background training
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Tagjet2pt signal training Tagjet2pt background training
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Wijet1pt signal training Wijet1pt background training
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Wijet2pt signal training Wijet2pt background training
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VBFDeleaEta signal training VBFDeleaEta background training
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VBF_wijet1_QGd signal training
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VBF_wjet2_QGd signal training VBF_wjet2_QGd background training
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TMVA response for classifier: Likelihood
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Background rejection versus Signal efficiency
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